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Existing Works

LLM as Generators
Generate ‘Input’
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Example-based Data Creation

-------------------

Question: Does
France have a
Prime Minister?
Option: [yes, no]

Question: Has the Instruction

Answer: yes

UK been hit by a
hurricane?
Option: [yes, no]

Tt - You are creating {number_of_examples} examples that
follow the format of the example provided,
but with a different content.

Answer: yes

___________________ R R - The created examples **mustx* all have different answers.
Question: Have : - The output **mustxx be in unnumbered JSON format.
the Buffalo Bills
? .
won a Superbowl? - N different examples
ption: [yes, no] . :

. Answer: no : - Should provide as many
R o different answers as possible
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Select seed data for
the next generation step.
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Selection Strategy
DFS vs. BFS

DFS BFS

. Random selection: randomly select the seed data Tree selection: All the generated examples become
Similar / Contrastive selection: select the seed the seed data for the next generation :
. data by computing sentence similarity between the

. pervious seed and the generated examples. 20 |



Selection Strategy
DFS vs. BFS

DFS BFS

. Large depth / Small width: Huge distance between ' Small depth / Large width: Small distance between
. the initial formatting example and generated the initial formatting example and generated :
- examples . examples ;
. Large diversity, but small task consistency ' Large task consistency, but small diversity 21




Experimental Setup
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example from the train data. :
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# Train data
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For each data,

1. Select one formatting
example from the train data.

2. generate data until the
number of generated data
reaches the same number
of train data.

- Discard ill-formatted
data automatically with
Json.loads()

Train & Test with ROBERTa-large.
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Experimental Results
In-distribution Performance

Generated data from one single formatting example
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Experimental Setup

Category

Multiple-choice QA (# Choices: 2)

Multiple-choice QA (# Choices: 5)

Open-book Yes/No QA

Closed-book Yes/No QA

Data Name
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BoolQ
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StrategyQA

CREAK

How about the
# Train data out-of-distribution
performance?
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160 1. Generate data

5 500 ~ starting from the seed
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94277 | | 3. Teston RiddleSense
- o
670 )
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Experimental Results

Out-of-distribution Performance
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has more generalizability

than human-labeled data
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Conclusion

Example-based data creation has a flexibility to create a task-specific
data.

BFS-style data creation is better than DFS-style data creation.
a. low semantic distance between the seed and created instances is
important.

Models trained on LLM-created data are showing strong
generalizability.
a. Real-world systems often deal with inputs that are very different from

carefully curated academic datasets 0
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https://qgithub.com/microsoft/lim-data-creation
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https://github.com/microsoft/llm-data-creation

